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ABSTRACT

The variety of powdered toddler milk products gives consumers many choices, so producers need to maintain the loyalty of existing customers by understanding customer churn behaviour. Customer churn is defined as the tendency of a customer to stop doing business with a company. This study focuses on predicting customer churn patterns so companies can determine strategies to reduce churn. This study discusses the prediction of customer churn based on the segment of toddler powdered milk products using the Length, Recency, Frequency, Monetary (LRFM) model. The respondent of this research are the customers of PT. XYZ who have transacted for premium segment powdered milk products for toddlers (milk A) and ordinary segment (milk B) during 2021. Variables in the data include LRFM and CLV variables which are formed by weighting the LRFM variable. At first, Fuzzy C-Means Clustering algorithm was applied for labelling target customer and then, K-Nearest Neighbor (KNN) Classifier as churn prediction was used. As a result, there are three groups of customers for each milk A and milk B. The resulting labels are the churn customer group with low CLV value, potential to churn group with medium CLV, and loyal customer group with high CLV value. Milk B shows the number of customers churn by 43,4% more than milk A as much as 34%. In the final stage of this research, the author analyze the performance of the KNN method based on the value of accuracy, recall, and f1-score for both milk A and milk B. The results of this final project show that the performance of the KNN method depends on the selection of the number of nearest neighbors and the proportion of data splitting used.
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